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INTRODUCTION
With one-fifth of the world's population still living in extreme poverty there remains a vital need to identify interventions which can lead to a sustained pathway out of poverty. Recently several assessments of 'graduation programmes' have generated enthusiasm about their potential to offer a permanent escape from poverty for the world's poorest. These programmes, exemplified by the NGO BRAC in Bangladesh, provide a 'big-push' to extremely poor households consisting of cash transfers, livestock assets, training and supervision in the use of the asset, life-skills training and eventually access to formal sector credit at market interest rates. An evaluation conducted by BRAC itself in Bangladesh reported a 40 per cent increase in consumption four years after the supervision and other training support ended as well as a significantly larger productive asset base relative to a non-experimental comparison group (Raza et al 2012) . Subsequently, this model was subject to a multi-site randomized control trial (RCT) in six different countries across three continents by the Graduation Program Consortium. Results of programme impacts across both consumption and economic domains one year after the supervisory visits ended, and approximately 2-3 years after the initial transfer of assets, show continued positive impacts on both consumption/food-security and productive assets, though with some variation cross sites (Banerjee et al 2015) . Importantly, given the large upfront cost of the big-push graduation model and the intensive hand-holding it entails, a cost-benefit assessment shows net positive returns in five of the six sites, suggesting that this type of approach makes financial sense. A more recent paper, which is based on data from BRAC beneficiaries in Bangladesh, also calculates positive benefit-cost ratios as well as large increases in more productive labour activities among women four years after the initial transfer of assets (Bandiera et al 2016) .
The BRAC approach serves as a template for similar interventions which are currently estimated to reach almost half a million people in Bangladesh and another half a million across 20 countries world-wide. Meanwhile, a recent review by the World Bank (2015) estimates that around 150 countries in the developing world have implemented cash assistance programmes and that approximately 800 million people are reached by some type of cash transfer programme. Significant expansion of cash transfer programmes have recently occurred in sub-Saharan Africa (SSA), with a doubling of development-oriented programmes from 20 to 41 between 2010 and 2015, reaching an estimated 8-10 million households or 50 million individuals (World Bank 2015, Garcia and Moore 2012) . Such programmes are of course fundamentally different from graduation programmes both in objective and implementation. First, their primary objective is poverty mitigation rather than economic empowerment, although many large programmes on the continent do have economic security as a secondary objective.
1 And second, cash transfer programmes tend to be nationally owned and implemented, while the graduation model to this date is only implemented in the NGO sector, probably due to its complexity and the large initial upfront investment required to launch the programmes. Given the relative simplicity of the unconditional cash transfer model, its popularity world-wide, and the sheer number of beneficiaries currently being reached, an obvious question is whether it has the potential to go beyond just protecting consumption and generate impacts on productive activity as well, which could ultimately lead to permanent increases in living standards.
How could a small, predictable sum of money, paid monthly or bimonthly lead to long-term poverty reduction? Most theories on poverty cite credit or informational constraints, lack of skills, lack of access to instruments to manage risk, and present bias (myopia) as some of the key determinants of poverty, and the graduation model addresses several of these constraints directly. An unconditional cash transfer in its simplest form, in other words without any explicit message or complementarity intervention, would in principle only directly address two constraints: liquidity and insurance. Although targeting is to the ultra-poor, even these households might spend some of the transfer on agricultural production as a way to ensure their food security, and lumpy or unpredictable transfers might be used for investment.
The literature to date on the economic impacts of cash transfers is thin, both because this is not their primary aim, and because most evaluations do not follow households long enough for productive effects to establish themselves. Gertler et al (2012) report positive impacts of Mexico's Progresa (now called Prospera) conditional cash transfer (CCT) on livestock holdings and small business activity 18 months after programme initiation, and show that increases in consumption in the original treatment group were larger than the control group that entered the programme four years later, suggesting a multiplier effect of the cash transfer operating through productive activity. On the other hand, Maluccio (2010) did not find any productive effects of a similar conditional cash transfer programme in Nicaragua after 18 months. Recently the Food and Agricultural Organization (FAO) in collaboration with UNICEF began a major initiative to document the productive impacts of national cash transfer programmes in SSA. A summary of initial results across seven unconditional cash transfer programmes, all implemented by government, suggest that they have impacts on livestock assets, engagement in non-farm business activity, and on-farm investment in fertilizer and seeds (PtoP 2014; Daidone et al 2016; Covarrubias et al. 2012; , with variations depending on the size and predictability of the transfer and the demographic composition of target households.
In 2010, the Zambian government began testing two different cash transfer models to inform future scale-up decisions. Each programme was accompanied by a randomized control trial (RCT) with one baseline and several longitudinal post-intervention follow-ups starting at 24-months. Both models entailed a flat unconditional cash transfer of approximately USD12 (USD24 PPP) per month paid every two months. The Child Grant Programme (CGP) targeted all households with a child under age three in three poor rural districts, while the Multiple Category Targeted Programme (MCP) targeted vulnerable households, those with a female or elderly head keeping orphans, or a household with a disabled member, in two rural districts. Neither programme was explicitly poverty targeted at the household level, but the strong geographical targeting resulted in 90 per cent of beneficiaries below the national poverty line in each programme and median beneficiary consumption was less than 40 US cents per person per day. The distinct demographic criteria across the two programmes meant that the same basic programme was delivered to extremely poor households but with very different demographic make-ups. Figure 1 (page 9) shows the age distribution of households in the CGP (left panel) and MCP (right panel) at baseline. The CGP is composed of younger households with more prime-age members while MCP households actually have an absence of prime-age members, and instead many more adolescents and elderly care-takers. While both sets of beneficiaries are equally poor, the difference in their demographic composition allows us to observe whether the pattern of impacts across programmes is different, and in particular, whether the potential for sustainable livelihood improvement is higher among households with more prime-age members.
Figure 1 -Age distribution of the CGP and MCP samples at baseline
We present comparative results for both programmes across eight major domains covering both protective and productive outcomes, even though the primary objective of the programmes themselves is protective. The domains are consumption, food security, assets, income and revenue, finance and debt, relative poverty, children's material needs and schooling. An overview of the main results at 36-months post-intervention for each domain is presented in Figure 2 (page 10), reported in standard deviations of the control group for ease of comparability across programmes and domains. What is startling are the strong effects across not just protective domains (consumption, food security, and children's material needs) but also productive ones. Also of interest is that the summary impacts do not differ significantly across household eligibility type despite the very different age composition of members. There are, however, nuances in terms of specific impacts, especially in productive domains, which we discuss in more detail later. Using these estimates we monetize the consumption, savings and asset accumulation impacts in a one year period and compare this value to the yearly transfer to derive an income multiplier of around 1.59 averaged Innocenti Working Paper 2016-21 across both programmes. In other words, beneficiary households are able to convert each Zambian kwacha (ZMW) of transfer into an additional 0.59 ZMW worth of income. These estimates suggest that these programmes go well beyond their primary goal of protecting consumption, and that even in the absence of complementary interventions such as those in the graduation model, small, predictable unconditional cash transfers may also contribute to longer-term poverty reduction. A true test of that proposition would be to follow households once they leave the programme. At the very least, these programmes seem to fulfil the necessary first step of allowing households to protect their consumption while also improving their productive capacity. 
OVERVIEW OF THE TWO PROGRAMMES AND STUDY DESIGN
Both the CGP and MCP were implemented by the Government of Zambia's Ministry of Community Development, Mother and Child Health (MCDMCH), and provided a flat transfer of USD12 per month to beneficiaries irrespective of household size. Payments were unconditional and made bimonthly in person by Ministry employees at designated pay-points. The CGP was implemented in the three rural districts of Shangombo, Kalabo (Western Province) and Kaputa (Northern Province) while the MCP was implemented in the rural districts of Serenje (Central Province) and Kaputa (Northern Province). All five districts are so extremely poor that, though the programmes did not target poverty at the household level, 90 per cent of beneficiaries were below the national poverty line, and median consumption was less than 40 US cents per person per day. Using baseline data we estimated the While programme parameters are identical, a key difference in design is the demographic eligibility criterion. The CGP was targeted to households with a child under age 3 while the MCP was targeted to households with various types of vulnerabilities, leading to very different family structures in the two programmes. The CGP beneficiaries were typically young families with prime-age members and young children, while the MCP beneficiaries were 'missing generation' families with very few prime-age members and many adolescents. For example, the mean recipient age in the CGP was 30 with on average 1.36 members age 19-35 and 0.03 members age 70+, compared to a mean age of 50 in the MCP with only 0.76 members age 19-35 and 0.40 members age 70+ (Table 2) . These stark differences in demographic composition allow for an interesting assessment of whether they lead to different patterns in programme impacts.
Both the CGP and the MCP are multi-site RCTs. In each district, community welfare assistance committees (CWACs) were first randomly selected to enter the study and households were subsequently sampled from each selected CWAC. After baseline data collection, CWACs were then randomly assigned to intervention or delayed entry control status via a public coin toss conducted by the Permanent Secretary of the MCDMCH. In the MCP, 92 CWACs were randomly selected for the study (46 from each district) whereas in the CGP 90 CWACs were randomly selected (30 within each district).
The main household survey instrument was quite comprehensive and included modules on consumption, health, education, housing, agricultural and other productive activities. Most survey items were taken from the Zambia Living Conditions Monitoring Survey (LCMS) or the Demographic and Health Survey, both of which are conducted periodically by the National Statistics Office. The core survey was administered to one main respondent in the household, typically the member designated by the programme to receive the transfer. This was the biological mother or primary care-giver of the index child in the CGP, or the care-giver or disabled member in the MCP. A key feature of the instrument is that we implemented the entire consumption module from the LCMS, featuring over 200 food and non-food items, so that we could make strict 'apples-to-apples' welfare comparisons between the beneficiary population in the two programmes and the rest of the country, important for assessing the targeting strategy employed by the Ministry. 
Data
The baseline samples contain 2,519 and 3,078 households in the CGP and MCP respectively. In both cases, the study sample size was powered to detect significant effects for key programme indicators that required the largest sample size. For the CGP this was child anthropometry while in the MCP this was school enrolment among secondary school-age children. Sample size requirements for household level indicators such as consumption, food security and livestock ownership were smaller than for these individual indicators.
Baseline descriptive statistics
As mentioned earlier, due to the strong geographic targeting of the two programmes, households are extremely poor, with mean per capita consumption of ZMW 41 in the CGP and ZMW 51 in the 
Unit of randomization

Method of randomization
The Child Grant Programme
The scheme targets households who have children under the age of five (59 months). However, the eligibility criteria at entry point is for children below 3 years-old (36 months) with evidence of under-5 card.
In 2010 MCP-the latter is in 2011 units (see Table 2 , page 14). When converted to US dollars at prevailing exchange rates this represents 30 US cents per person per day. This low level of consumption is consistent with low levels of food security, with only around 15 (MCP) to 20 (CGP) per cent of the sample not or rarely worrying about food, and 57 per cent of the combined sample not going a whole day without eating in the last four weeks. Households also have low levels of education -30 per cent or more of recipients had never attended school. The key difference across the two samples is driven by the distinctive targeting criteria of the two programmes which leads to notably different demographic compositions: households are slightly larger in the CGP (5.7 vs 5.0 in the MCP), have more children under 5 but fewer secondary school-aged children (age 13-18); they also have more prime-age adults (age 19-35) and fewer older people. This is also reflected in the recipient's characteristics who are much older in the MCP (56 years vs 30 years of age in the CGP). Recipients in the CGP are more likely to be married (67 per cent) while in the MCP recipients are mostly widowed (55 per cent) or divorced/separated (10 per cent). Finally, in the CGP virtually all recipients are women compared to only 75 per cent in the MCP.
The individual sub-group indicators shown in Table 3 (page 15) are fairly comparable across the two samples, with slightly higher baseline savings rates among women in the CGP and slightly higher fulfilment of material needs among children 5-17 years in the MCP though in both samples the greatest deprivation comes from lack of shoes. As the CGP is focused on families with young children, we also collected anthropometric measurements for children under 5 years of age which are reported in the Appendix (Table A2 , page 35) -these indicate that 35 per cent of children were stunted and 16 per cent underweight at baseline.
Balance
The CWAC level randomization for both studies resulted in balance across virtually all major programme indicators. Balance tests for household characteristics and selected outcome indicators are shown in Table 2 (page 14). For the CGP only two indicators are significantly different at baseline between intervention and control groups (proportion of recipients divorced/separated, and whether household owned any goats). For the MCP one indicator -value of harvested crop -is statistically significant. Table 3 (page 15) reports balance tests for indicators related to specific sub-groups of household members -women, children aged 5-17 and children aged 11-17. The only statistically significant difference at baseline is for school enrolment among children aged 11-17 in the MCP, where enrolment is slightly lower in the intervention group (75 versus 79 per cent).
Attrition
Overall household attrition across the three waves is 10 per cent in the CGP sample. This is driven by the drying up of the Cheshi Lake, in the Kaputa district at the 24-month wave that forced many households to relocate. Many of these households were recovered in wave three so that attrition between wave three and baseline was only five per cent. Attrition rates are not statistically significantly different between treatment and control arms. In the MCP, overall household attrition is 5 per cent though it is slightly higher in the treatment group (5.6 versus 3.5 per cent). An analysis of differential attrition is shown in the appendix (Tables A3, page 35 and A4, page 36). For the CGP only one of the nearly 50 indicators are significantly different between the attritors in treatment and control groups (number of household members age 0-5), while there is no significant difference across the two groups in the MCP sample. 
METHODOLOGY AND KEY MEASURES
We estimate programme impacts using a difference-in-differences (DD) model augmented with a vector of baseline covariates and allowing for differential impacts at 24 and 36 months. The core estimating equation is
In this framework Y(i,t) is the outcome indicator for the household/woman/child i at time t. T(i) is a dummy equal to one if in the treatment group, R2 and R3 capture the two follow-ups at 24 months and 36 months respectively and β TR2 and β TR3 capture the intent-to-treat (ITT) effects at 24 and 36 months respectively; X is a set of pre-treatment demographic controls and ε is the error term.
Regressions are estimated using OLS with robust standard errors clustered at the CWAC level. We restrict our sample to the full panel, that is, to only households that appear in all three waves, although results are the same when we relax this assumption and use households that appear in at least two waves. To ensure external validity of our estimates, that is, that they are representative of all eligible households, we weight the regression by the inverse of the probability of appearing in all three waves. Further details of the inverse probability weights calculations are available in evaluation reports on the Transfer Project website.
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For all outcomes we have estimated both unadjusted and covariate adjusted impacts but report only the adjusted results here due to space constraints. Adjusted regressions include pre-treatment measures for household demographic composition and size, recipient's age, education and marital status, and district dummy variables. For child outcomes, we also included the age and sex of the child.
3 Some of our outcome variables were not collected at baseline (see Table 4 , page 17) so for these we estimate single difference models at 24 or 36 months, controlling for the same set of pre-treatment covariates. These estimates naturally rely on baseline equivalence for identification. The key assumption behind the difference in differences (DD) is that of parallel trends. We do not have multiple pre-treatment data points to explicitly test for differences in trends between treatment arms but control CWACS are from the same districts as treatment ones which makes this assumption more tenable. We analysed trends in village level prices during the study period and these showed no statistically significant differences between treatment and control arms over time.
We report results for almost 40 outcome variables -at the household, woman and child levelgrouped into 8/9 domains as reported in Table 4 (the definition of each indicator is reported in Table A1 in the Appendix, page 33). We define all indicators so that higher values are positive outcomes. Note that for loans and debt, unlike Banerjee et al (2015) we consider less debt and fewer loans as positive outcomes. In our study sample, virtually all loans are taken from informal sources and used for consumption, and beneficiaries report that reducing outstanding debt is a key concern of theirs. In order to compare effect sizes across indicators and domains, we follow the approach taken by Banerjee et al (2015) and convert all variables into z-scores by subtracting the control group mean (at each wave) and dividing by the control group standard deviation (at each wave); this implies that at each wave the control group has a mean of 0 and standard deviation of 1.
Multiple Testing
As we estimate impacts on over 40 indicators across multiple domains and two programmes, we may find false positives just because of the sheer number of tests computed. We take two approaches to account for this multiple testing. First, for each family of outcomes, we adjust p-values using the Sidak-Bonferroni adjustment (Abdi 2007) . Second, we build summary indexes as 'lead indicators' for each domain following (Anderson 2008; Kling et al., 2007) . Specifically, for each domain with the exception of consumption, food security and material needs, the summary index is computed as the equally weighted average of z-scores of each indicator within the domain, then standardized against the control group within each round. 4 In the case of consumption, food security and child material needs, we simply standardize total consumption, the food security scale and "all child needs met" indicators as these are already summary statistics for that particular domain.
We then estimated the mean standardized treatment effect (ITT) on each outcome separately and report these estimates in the figures below. Estimates based on actual units are provided in the appendix (Tables A5-A21 , pages 33-45) and those based on standardized units are available in the online supplementary material available with this Paper. For each family of outcomes, we adjust p-values to take into account multiple inference testing and also report the ITT on the summary index/lead indicator.
RESULTS OVERVIEW
We begin by presenting a summary of results using domain indices rather than the whole set of outcome indicators, and adjust p-values for multiple inference testing across domains. Figures 3  and 4 show graphically the standardized impact estimates with adjusted confidence bounds for the CGP and MCP respectively. Beginning with the CGP, the programme has had a significant impact on seven of the nine domains considered, the two exceptions being secondary school-age children's schooling and young child anthropometry. The largest effect sizes occur for subjective well-being (relative poverty) and for children's material needs, both at 24 months. However, both indices are subject to a ceiling effect (no further room for improvement among treatment households) which explains why their effect sizes decline at 36 months. Overall there is no clear indication that effect sizes increase over time. Effect size in SDs of the control group Endlines 1&2 (24 and 36 months) at a glance
In Figure 4 , the MCP has had significant impacts in seven of the eight domains considered, the lone exception being Incomes & Revenues at 24 months but this turns significant at 36 months. The largest point estimate is again associated with subjective well-being. While there is some hint that effects grow larger over time, all of the 24-and 36-month confidence bounds within domains overlap. Noteworthy is the significant impact of the MCP on schooling which is in contrast to the CGP -recall that the MCP has many more secondary school age children, and in fact, very few CGP households actually have a child over the age of 14, so this is not a priority indicator for households targeted under the CGP. Another interesting difference is that by 36 months the effect of the MCP on assets is much larger than in the CGP -this is driven mainly by livestock. On the other hand, the effect of the CGP on Incomes & Revenues appears to be larger than in the MCP, at 24 months, an effect which is driven by non-farm enterprise. These hint at the different ways that the two sets of households use the cash transfer.
The main take-away from these summary results is that both cash transfer programmes generate significant impacts across both protective (consumption, food security) and productive domains. Both programmes also have an important effect on children's material deprivation. And while the MCP significantly raises school enrolment among secondary school-age children, the CGP does not have an impact on nutritional status of preschool children, despite improvements in food security and consumption at the household level. 
RESULTS BY INDICATOR
We provide a visual summary of the results for each indicator by programme and follow-up wave to understand which specific components are driving the results shown in the previous section. As before, all effects are in standardized units with associated confidence bounds which in this case are not adjusted for multiple inference -adjusting the p-values leads to very few changes in significance (in the CGP, out of 64 impacts estimated, only 5 are no longer significant after controlling for multiple inference and in the MCP 6 out of 62). grouped by domain-for ease of reference the first indicator in each domain is the summary index or lead indicator that was reported in the previous section. At 24-months, the programme has had an impact on virtually all the individual items within each domain for the seven domains where the index turns up significant. Exceptions are two of the eight components of the food security scale (the other individual indicators are not shown in the graph) and the value of harvest. By 36 months a few indicators are no longer significant due to ceiling effects. For example, 'having two sets of clothes' and 'thinks life will be better in the future' reach 97 and 93 per cent for the treatment group respectively by the 24-month follow-up (Table 7 , page 26) and have limited room for further improvement while the control group values continue to trend upwards as this was a period of strong economic growth in Zambia. Of particular interest is the strong effect on women's savings which turns out to be at least partially responsible for the impact on non-fam enterprise that is observed in these figures ). In the Finance & Debt domain at 36 months, the two indicators on new borrowing and amount of outstanding debt are not significant -these were not collected at 24 months in the CGP evaluation. The key differences in the pattern of impacts across programmes are the strong effects on non-farm business activity generated by the CGP which do not occur in the MCP, the extremely large effect on livestock of the MCP (an effect of 0.80 SD by 36 months), and the strong effects of the MCP on schooling among older children which do not occur in the CGP. These differences can reasonably be linked to the different demographic structures across beneficiaries of the two programmes and they may have implications for the longer term 'graduation' potential of the two types of households.
Effect sizes and comparison with other cash transfer programmes
It is worth highlighting some of the programme effects in actual units to compare with other cash transfer programmes. We focus on the 36-month impacts though estimates for each round can be found in the Appendix (Tables A5-A21, School enrolment increases by 9 percentage points in the MCP for children aged 11-17 which includes the important transition years between primary and secondary school where drop outs peak. While there are no significant effects for this age group in the CGP, this is probably due to the few children of age 14+ in those sample households. When we restrict the age range to 11-14 in the CGP we do find significant programme impacts also of 9 percentage points ). These magnitudes compare favourably to secondary school-age schooling impacts from large CCTs in Latin America such as in Mexico (8-10 The more provocative impacts, given the nature of the intervention, are undoubtedly related to asset accumulation and economic activity. The CGP increases participation in non-farm enterprise by 15 points and revenues by 81 per cent or 0.45 SD. While this is much lower than the 48 point increase in business enterprise reported by Blattman et al (2016) , the programme they evaluate provides cash conditional on opening a business. The revenue impacts in the Zambian programmes are comparable to those reported by Banerjee et al (2015) of 0.38 SD.
The effect sizes for amount saved are 57 and 67 per cent for the CGP and MCP respectively, compared to the close to 100 per cent increase in savings reported by Banerjee et al (2015) and the 300 per cent increase reported by Blattman et al (2016) . The overall asset index effects are 0.58 and 0.80 SD in the CGP and MCP, compared to 0.25 in the six-country graduation model study presented in Banerjee et al (2015) and 0.40 SD in the Ugandan programme evaluated by Blattman et al (2016) . As mentioned earlier, the evidence on assets and economic activity from CCTs is mixed, but Covarrubias et al (2012) report a doubling of the share of households with small agricultural tools such as axes and sickles due to the Malawi Social Cash Transfer Programme, which is an unconditional cash transfer targeted to labor-constrained ultra-poor rural households and very similar to the MCP in terms of target group.
Beyond schooling, the Zambian programmes have substantial impacts on children's material needs of 26-28 percentage points, so that by endline about 65 per cent of children aged 5-17 have at least a pair of shoes, a change of clothes and access to a blanket, up from only 13 per cent at baseline. This is driven primarily by possession of shoes, which went from about 17 per cent at baseline to 67 per cent at 36 months. 
Heterogeneous impacts
We investigated whether there were heterogeneous programme impacts by baseline levels of consumption (Table A22 , page 45). We found no indication that impacts depended on baseline levels of consumption.
DISCUSSION AND CONCLUSION
A relatively simple flat cash transfer, unconditional and paid bimonthly, has wide-ranging effects on ultra-poor households in rural Zambia, significantly raising consumption, food security and children's schooling and material well-being, while at the same time strengthening economic capacity and assets. The annual amount transferred to a household is USD144 (or USD288 PPP). We compare this annual transfer to what households spend based on the estimates shown above. We track and/or quantify all expenditure that we can measure in our survey instrument, notably consumption expenditures, savings, debt reduction, spending on non-consumption items such as agricultural inputs (tools, seeds, fertilizer) and livestock purchases. For productive tools and livestock, we estimate the impact on the number purchased and monetize using market prices taken either from the community price questionnaire fielded as part of the evaluation, from the National Living Standards Measurement Survey if not in our own survey, or by direct observation in local markets. Other spending items are already measured in Kwacha. All monetary values are deflated Table 8 to baseline Kwacha (2010 for CGP and 2011 for MCP), annualized, and compared to the annual amount transferred to each household in Kwacha. Only statistically significant impacts are considered. We base our calculations on 24-month impact estimates, 36-month impact estimates, and the average of the 24-and 36-month impact estimates (pooled impact estimates) to get a range of estimated spending.
Results of this exercise are shown in Table 9 , and range from 1.23 in the CGP at 36-months to 2.08 in the MCP at 36 months. Using the pooled estimates and averaging across both programmes gives a multiplier of 1.59. This means that households spend 59 per cent more ZMW than they actually receive through the cash transfer. This multiplier must operate through increased income evoked by the cash transfer. For the CGP this is through non-farm business activity and the increased revenue generated from these businesses. The CGP also has a significant impact on the value of sales of agricultural products (Daidone et al 2014) . For the MCP, this is through the value of crop production, and given the large increment in livestock holdings, possibly through the sale of livestock-derived products such as eggs though we do not capture these revenue sources in our data.
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Table 9 -Estimated multiplier effects of the two programmes
Notes: The multiplier effect is computed as the ratio of the sum total of annualized spending impacts over the annual value of the transfer; spending impacts include: consumption, savings, loan repayment, livestock purchases and productive tools. Impacts are based on estimated econometric results reported in the Appendix (and pooled estimates, available upon request). Only statistically significant (at the 5 per cent level) impact estimates are considered. Loan repayments were not measured in the CGP at 24 months.
These estimates are not directly comparable to those from Banerjee et al (2015) , who consider the initial two years of the graduation programme as the investment period, and then calculate the benefits as the present value of the future stream of consumption and revenue assuming that benefits one year after the programme ended are maintained permanently. Our estimates do not assume an investment period because the goal of these UCTs is protection and not investment. For this reason we prefer a 'follow the money' approach to see if the programme leads to households boosting their spending over and above what they actually receive, a multiplier that would be generated if households used some of it to improve their income-earning capacity.
The generalizability of the results presented here is quite high. The majority of existing national cash transfer programmes in SSA are unconditional and target beneficiaries at similar levels of poverty. In terms of demographic structure, large programmes in Ethiopia, Ghana, Kenya, Malawi, 6 Spending and investments of programme participants can generate impacts beyond the beneficiary population through economic transactions. Our collaborators at the FAO have estimated a local economy multiplier of the CGP of 1.79, with the majority of these spill-overs occurring to non-beneficiaries (Thome et al. 2016 ) . Hence the estimates reported here are under-estimates of the total multiplier generated by these programmes. Mozambique and Zimbabwe target so-called 'labour-constrained' households with high dependency ratios and demographic profiles similar to the MCP, while the largest cash transfer programme on the continent is the South African Child Support Grant which targets children up to age 17. Like the two Zambian programmes, these are all implemented by national governments and are unconditional.
CGP MCP
It has recently been suggested that all development interventions should be 'benchmarked' against a 'pure' unconditional cash transfer. 7 If the two Zambian programmes studied here represent such a benchmark, the results in this paper suggest a high bar for other interventions to match. It is not straightforward to compare these programmes with the graduation models without a head-to-head comparison. A quick comparison of results with the graduation model evaluated by Banerjee et al (2015) suggests a range of effects and effect sizes which are comparable. However Banerjee et al (2015) measured impacts one year after the programme ended and three years after the initial asset plus cash injection began. The estimates we present are while the programme is ongoing, and we therefore cannot make any conclusions about the long-run sustainability of these impacts if beneficiaries stopped receiving cash. Indeed our knowledge of the local context suggests to us that in the absence of any additional interventions to increase skills, or provide new farming technology, or improve off-farm employment opportunities, it would not be surprising to see these effects disappear a few years after households were 'graduated' from the programme.
Perhaps a more relevant comparison to consider is between an unconditional and conditional cash transfer. A few experiments have been designed to make head-to-head comparisons between conditional and unconditional programmes (e.g. Baird et al. 2011 ) but these necessarily focus on outcomes that are subject to conditions (typically school enrolment and health care use), whereas what the Zambia evaluations hint at is what conditional programmes might lose by forcing beneficiaries to focus on health and schooling, such as increased economic productivity and asset accumulation which are core to household survival and can also generate increases in demand for schooling and health through income effects. In the Zambia case, the impacts on schooling, typically an outcome that is a focus of the CCT programmes, are well within the range of those reported for large-scale CCTs in Colombia and Mexico.
In conclusion, two government-led unconditional cash transfer programmes in rural Zambia lead to strong protective and productive impacts for ultra-poor households. Some of the impacts on consumption and asset accumulation are comparable to graduation type programmes recently evaluated in the literature, while the schooling impacts are comparable to those generated by CCTs in Latin America. The overarching objective of unconditional cash transfers is to support food security and consumption, and productive objectives tend to be secondary. However the results we present imply sizeable productive effects, leading to income multipliers of around 59 per cent on average. Are these households ready to graduate? Given the extreme poverty and harsh environmental conditions facing them, it would very likely take more than just USD12 per month for three years to permanently move these households out of poverty. Nevertheless, unconditional cash transfer programmes are clearly not 'hand-outs' that lead to dependency. By allowing households to meet their consumption needs and to eventually diversify livelihoods and accumulate assets, they can make an important contribution to the inclusive growth agenda of the governments of developing countries. Never or rarely worries about food Able to eat preferred food Never or rarely eats food he/she does not want to it due to lack of resources Never or rarely eats smaller meal than needed Never or rarely eats fewer meals because there is not enough food Never or rarely has no food to eat because of lack of resources Never or rarely goes to sleep hungry Never or rarely goes a whole day/night w/o eating Reference period is last 4 weeks. Codes are 0=never; 1=rarely(once or twice); 2=sometimes (3-10 times); 3=often (more than 10 times). We turn this categorical variable into a dummy by considering food secure those that never or rarely (codes 0 and 1) experience each one of the 8 situations described.
Scale score created by aggregating the responses to the eight individual food security questions.
Computed by PCA on number of household assets/livestock/productive assets owned (restricting to assets for which information is available in all waves). The index is then turned positive through a monotonic transformation and then logged.
Binary variable equals to 1 if woman is currently saving in cash Amount saved by women in the last month In the last year did you or anyone in the household borrow money from any person or institution? How much did your household borrow overall from each source, in the last 6 months? Does your household still owe money for any loan contracted before …? (6 months before follow-up considered) How much does your household still owe? Overall N for control is 1,259 (In study/non-attritors=1,133; Attritors=126). Overall N for treated is 1,260 (In study/non-attritors=1,139; Attritors=121). *** p<0.01, ** p<0.05, *** p<0.1 T-tests based on standard errors clustered at the community level. Overall N for control is 1,517 (In study/non-attritors=1,464; Attritors=53). Overall N for treated is 1,561 (In study/non-attritors=1,474; Attritors=87). *** p<0.01, ** p<0.05, *** p<0.1 T-tests based on standard errors clustered at the community level. Notes: Estimations use difference-in-difference modeling (single difference for debt and credit outcomes). Robust standard errors clustered at the community level are in parentheses. * p<0.1 ** p<0.05; *** p<0.01. Adjusted p-values are Sidak-Bonferroni corrected p-values. Estimations are adjusted and include recipient's age, education and marital status, household size and household demographic composition, and districts. See notes (in the main text) to Table 5 for the CGP and to Table 6 for the MCP.
APPENDIX
RESULTS IN ACTUAL UNITS BY DOMAIN
